& Big data is a collection of data sets so large and
complex that it becomes difficult to process using
on-hand database management tools or traditional

data processing applications.

Big data is high volume, high velocity, and/or
high variety information assets that require new
forms of processing to enable enhanced decision
making, insight discovery and process
optimization.”
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http://en.wikipedia.org/wiki/Data_set
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National differences in gender—science stereotypes
predict national sex differences in science

and math achievement

Brian A, Hosekt, Frederic L. Smyth, W, Srrame, Nicole M. Lindner, Thisrry Devess, Alfonso Ayalat, Yo Bar-Anan’
Rolbin Bargh Hajian ot Katon Gormlhorste, Soho Kersbirs Norisers Mellzeomr b1, Fobx Neto", Eora Ol

Jaihyun Parkl, Konrad Schnabel*, Kimihiro Shiomura', Bogdan Tudor Tulbure™, Reinout W. Wiers®, Monika Somogyi®,
Nazar Akrami?, Bo Ekehammar?, Michelangelo Vianello?, Mahzarin R. Banajit, and Anthony G. Greenwald"
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Male = Science & Female = Liberal arts
Implicit Associations (IAT D)
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Overweight People Have Low Levels of Implicit Weight
Bias, but Overweight Nations Have High Levels of Implicit
Weight Bias

Maddalena Marini'*, Nat m', Konrad SchnabeP’, Norbert zewski', Thierry Devos®, Bo
Ekehammar, Reinout Wiers!, Cai HuaJian®, Mnika Somogy®, Kimihira Shiomura', Simone Schnall®®,
Félix Neto®, Yoav Bar-Anan”, Michelangelo Vianello™, Alfonso Ayala®, Gabriel Dorantes™, Jaiyun
Park", Selin Kesebir", Antonio Pereira™, Bogdan Tulbure®, Tuulia Oriner®, Irena Stepanikova®,
Anthony G. Greenwald®, Brian A, Nosek'

Procedure

Data were collected among volunteers at the Project Implicit
website (https:/fimplicit.harvard.edu) between May 2006 and
QOctober 2010. Project Implicit offers visitors an opportunity fo

Participants
A sample of 338,121 individuals from 71 nations met our
inclusion criteria: (a) reported a country of citizenship, (b) came
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Figure 1. Scatter plots of relations of implicit (IAT) and explicit weight bias with BMI at the individual level. Note Each
paint in the plats represents the average preference of parlicipants as a function of their BMIL The weight bias scores ranges from
+210 -2 for the IAT and from +3 10 -3 for the explicil, with D inGicating no retatie: pr
people. More positive scores indicale a preference fof Ihin people over cverweight peopie, while more negative s
preference for averweight peaple over thin people. Vertical bars signify standard eror. Data for participants with BMI greater than
60 were not included in the plot (0.15%). The regression line was computed on the original and not on the average data
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A Sociocultural Approach to Narcissism: The Case of Modern China Me'liure n'nx'
as : N3

HUAJIAN CAI'™, VIRGINIA S. Y. KWAN? and CONSTANTINE SEDIKIDES® S 1 7 2
' Bohavioral Science, Instite of Psychology, Chinase Academy of Sciencas, China & Stuqy
n

2009. 9-2010. 2: 15832 A\
Chinee oo . o it (1) sounge perms o f Measure: narcissism,

han shos anas and (1 individualism-collectivism

wissism, The findings su,
China. Copyright © 2011 Joln Wiley & Sons, Ltd,

o 254 (study 1)

Table 1. Regression analyses of narcissism on predictors Table 2. Regression analyses of narcissism on predictors

B SE B ! B SE [ t

Constant 3265 0042

Family size 0.044 016 007
SES 0.089 008 000
Geographic area 0.064 016 .000
Age —.005 001 .000
Gender 0.205 014 .000

Constant 1.738  0.040

Family size 0.048  0.012 0.031
SES 0.066  0.006 0.078
Geographic area 0.053  0.012 0.035
Age —0.008 0.001 -0.059
Gender 0.107  0.011 0.071
Individualism 0.446  0.007 0.458

SES, social economic status.

SES, social economic status.
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